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Electric Vehicles Our Solution:
Intention-Aware Routing System (IARS)

Electric vehicles (EVs) reduce:
- CO, emissions and
- dependence on fossil fuels.
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However, EVs have a limited range
(typically <100 miles).

Public charging stations are scarce
and charging is slow (at least 15-30
minutes), leading to potentially long
gueues and delays.
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- Evaluation on real road networks and traffic data.
Min(False): Shortest path without considering Logit(A,True/False): As Min(True/False), but with - Comparison to reserva.tion-based §ystems. _
historical waiting times. random deviations (using logit function with parameter A). - More advanced queueing models, including variable
charging times.
Min(True): Shortest path considering historical IARS: Intention-Aware Routing System
waiting times.
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